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SVM:
NN:
DNN:
CDNN:

et E (Machine Learning, ML)
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Support Vector Machine

Neural Networks

Deep Neural Networks
Convolutional Deep Neural Networks
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Actually abnormal Predicted as abnormal (1.000, 0.000)

CAM: Class Activation MAP
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Actually normal Predicted as normal (0.000, 1.000)
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Actually normal Predicted as abnormal (0.925, 0.075)
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